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What are we doi
ng here?

Hi, I’m Soma!

• Lede Program: 10 weeks, remote-friendly, summer 2026
• Data Journalism MS: 12 months, deadline Jan 12



Operationalize 
newsroom AI

• Before:
• Little baby prompt
• Custom GPT
• Vibes, vibes, vibes

• After:
• Multi-step agentic pipeline that you can put into prod!
• Kidnapping knowledge from the tech world
• Fame and fortune



Where this sess
ion is from



We will learn h
ow to…

• Compare effectiveness of different AI prompts and models
• Set up the processes to observe the “magic” going on 
inside of your AI tools
• Structure eval test sets to effectively cover your bases 
so you don’t get blindsided
• Build agentic AI tools yourself (and what in the world 
agentic AI even is)
• Bring non-technical folks and AI haters to the table
• Why we even need to do this at all?? What about vibes???







AI is an 
unpredictable
slot machine

(but we still love it)



outputs always change



inputs always change





What’s your ang
le?

It’s flexible!

It’s unpredictable!

LET’S 
EMBRACE 

BOTH



How to ensure y
our AI workflow

s succeed

• Evaluation

•Evaluation

•Evaluation!!!



Failures are go
od, actually?



Let’s make it h
appen

• Use case: “generate opposing perspectives to be 
displayed on opinion stories”
• We will do BETTER than the LA Times!!
• Specification:

• Input: …an article?
• Output: …a response?



Our evals platf
orm: Braintrust

• Braintrust!!!!
• Arize Phoenix
• Comet Opik
• Langsmith
• Langfuse
• Promptfoo
• A zillion more



Playgrounds, no
t prompts!



Prompting meta
-settings

model
s

API k
eys



blah blah blah



Create a datase
t



Create a datase
t







Changing option
s



Comparing promp
ts



Comparing promp
ts



Evals, first st
ep

• We need data to test this on.



Where does the 
data come from?

• If you’re lucky, you have it
• …but it’s more exciting if you don’t!
• The Gulf of Comprehension is bigger than you can imagine



Synthetic data

• How do you make it?
• Ask an LLM?

• Noooo
• ………yessss?

• Let’s do this in a structured way, with dimensions



Dimensions of v
ariation

• What are the ways each input could be different?
• Think about those that have the most variance, the 
biggest swings or the highest number of values
• For submitted tips, how could each tip or each person 
submitting a tip be different?
• Knowledge of what’s interesting to a journalist
• Conspiracy theorist
• Spam
• Good at communicating in English
• Length and amount of description



Making inputs (
breaking output

s)

• Generate based on tuples
• All combinations: 

• (A1, B1, C1), (A2, B1, C1), (A2, B2, C1)
• Use your intuition, filter what makes sense

• A conspiracy theorist probably doesn’t have a good idea
• Should only pick 4 or 5 dimensions, go with the ones 
that have the highest variation and most importance
• End up with 100 total examples



What are our di
mensions?



How do we write
 our tests?

• Code-based evaluators
• LLM-as-judge
• Mandatory for tracking performance over time and model 
drift



Code-based eva
luators

• Fast and cheap! Rely on these as much as possible.
• Not “does this trace include email?”

• Search the JSON to see that send_email tool was used
• Regular expressions and string matching are your best 
friends 
• Don’t ask an LLM “does this have 3 bullet points?”

• Just check for len(text.split(“,”)) === 3
• Look for common ”something broke” phrases:

• As an LLM, Sorry I can’t, etc



LLM-as-judge

• Too much nuance or interpretation for code-based evals
• Only ever do Pass/Fail
• You need a secondary process to confirm it agrees with 
you, yet another gulf of specification to cross (you’re 
running an eval on an eval)
• Each test should check for a single specific failure 
mode
• A good LLM as a judge should function as scaling you









Time for the tech!
Pydantic, Pydantic AI, Braintrust SDK



Pydantic AI



Pydantic AI



Instrumentation
 vocabulary

• Logging: Tracking what happens
• Tool/tool call: Using a service – web search, mail, etc
• Trace: Everything you need to reproduce interaction

• All of the user’s inputs
• All of the inputs/outputs to the LLM

• Span: A single step in the process
• A tool call, the response, the time, the cost

• Thread: A group of traces, if multi-turn (ignore this??)
• Observability: Using instrumentation to track and analyze
• Telemetry: A more generic word for instrumentation









It’s honestly n
ot that complic

ated

• You have a normal LLM setup
• You give it tools
• You say use the tools until you’re done
• Why is everyone so excited about it?
• Because humans are so so so out of the loopONE pro

mpt







We get a tip. W
hat’s next?

• IMMEDIATELY PUBLISH IT, IN FULL.
• Judge whether it’s newsworthy
• See whether it’s already been covered
• Research the topic in general with preliminary research
• Research the person who submitted the tip (social, etc)
• Assign it to a beat/specific reporter
• Write a follow-up email, send it



Multi-step proc
ess

A reader submits a tip

Is it good?

Do some 

research on 

the topic

Do we need more 

information?

Generate follow-up 

questions

Email the reader

Ignore it

Send it to the reporter

no
yes

yes

no



AI-able steps

A reader submits a tip

Is it good?

Do some 

research on 

the topic

Do we need more 

information?

Generate follow-up 

questions

Email the reader

Ignore it

Send it to the reporter

no
yes

yes

no















A reader submits a tip

Is it good?

Do some 

research on 

the topic

Do we need more 

information?

Generate follow-up 

questions

Email the reader

Ignore it

Send it to the reporter

no
yes

yes

no

Humans as… 
glue?



LLM Pipelines/Automated 
workflows
Let the humans take a break, use the AI to fill those gaps



web_search(
“Arizona do

g shelters”
)



Tools in LLMs

• Allow an LLM to do stuff that isn’t text generation
• web_search(“Whatever you want to look for”)
• generate_image(“whatever you want an image about”)
• other_things(“I don’t know, it’s infinite??”)



“ok, do that”



A reader submits a tip

Is it good?

Do some 

research on 

the topic

Do we need more 

information?

Generate follow-up 

questions

Email the reader

Ignore it

Send it to the reporter

no
yes

yes

no

Humans out 
of the loop



Agentic AI workflows
Let’s REALLY give humans take a break and hand over control to AI



LLMUser

web_search



• Find me dog shelters in Arizona
• web_search(“dog shelters Arizona”)
• OK sounds good here are the results

• Find me contact info for every dog shelter in Arizona
• web_search(“dog shelters Arizona”)
• Visit website 1
• web_search(“Happy Paws Rescue email address”)
• Visit website 2
• …etc…etc…etc…etc…………

• Agentic AI: uncertain when it’s done

One-step vs mul
ti-step pipelin

e



Agent

Tools

LLMUser

The user talks to the LLM 
through the agent, which 
makes decisions (using the 
LLM) about what to do next.









It’s honestly n
ot that complic

ated

• You have a normal LLM setup
• You give it tools
• You say use the tools until you’re done
• Why is everyone so excited about it?
• Because humans are so so so out of the loopONE pro

mpt





Pydantic AI



Pydantic AI



But sometimes things go 
wrong
The further humans are, the more nervous you should be getting





Evaluation

• Every project is magic and special and personal
• “Does this AI model hallucinate?” is not good enough
• You want to trace everything that’s happening
• You want to judge whether the outputs are good enough





Braintrust















Learn more

• Workflow tools: n8n, Pydantic AI (not Pydantic!!)
• Observability: Braintrust, Arize Phoenix, Comet Opik
• Evaluation/theory: Hamel Husain, Shreya Shankar
• Product development: News Product Alliance
• Newsroom AI class: https://littlecolumns.com/courses/ai-
newsroom/
• Conferences: NICAR! (oh hey we’re here???)
• Email me! js4571@columbia.edu

https://littlecolumns.com/courses/ai-newsroom/
https://littlecolumns.com/courses/ai-newsroom/
https://littlecolumns.com/courses/ai-newsroom/
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